Semantics in Support of Biodiversity Knowledge Discovery: An Introduction to the Biological Collections Ontology and Related Ontologies Ramona L. Walls1*., John Deck2., Robert Guralnick3., Steve Baskauf4, Reed Beaman5., Stanley Blum6, Shawn Bowers7, Pier Luigi Buttigieg8., Neil Davies9, Dag Endresen10, Maria Alejandra Gandolfo11, Robert Hanner12, Alyssa Janning13, Leonard Krishtalka14, Andréa Matsunaga15, Peter Midford16, Norman Morrison17., Éamonn Ó Tuama18, Mark Schildhauer19, Barry Smith20, Brian J. Stucky21, Andrea Thomer22, John Wieczorek23, Jamie Whitacre24, John Wooley25 1 The iPlant Collaborative, University of Arizona, Tucson, Arizona, United States of America, 2 University of California, Berkeley, Berkeley, California, United States of America, 3 Department of Ecology and Evolutionary Biology and the CU Museum of Natural History, University of Colorado at Boulder, Boulder, Colorado, United States of America, 4 Department of Biological Sciences, Vanderbilt University, Nashville, Tennessee, United States of America, 5 University of Florida, Florida Museum of Natural History, Gainesville, Florida, United States of America, 6 Research Informatics, California Academy of Sciences, San Francisco, California, United States of America, 7 Gonzaga University, Computer Science, Spokane, Washington, United States of America, 8 Alfred Wegener Institute, Helmholtz Centre for Polar and Marine Research, Bremerhaven, Germany, 9 University of California, Berkeley, Gump South Pacific Research Station, Moorea, French Polynesia, 10 GBIF Norway, Natural History Museum, University in Oslo, Oslo, Norway, 11 LH Bailey Hortorium, Department of Plant Biology, Cornell University, Ithaca, New York, United States of America, 12 Biodiversity Institute of Ontario, University of Guelph, Guelph, ON, Canada, 13 School of Information Resources and Library Science, University of Arizona, Tucson, Arizona, United States of America, 14 Biodiversity Institute and Ecology & Evolutionary Biology, The University of Kansas, Lawrence, Kansas, United States of America, 15 University of Florida, Gainesville, Florida, United States of America, 16 Ecology and Evolutionary Biology, University of Kansas, Lawrence, Kansas, United States of America, 17 The BioVeL Project, School of Computer Science, The University of Manchester, Manchester, United Kingdom, 18 GBIF Secretariat, Copenhagen, Denmark, 19 National Center for Ecological Analysis and Synthesis, Santa Barbara, California, United States of America, 20 Department of Philosophy, University at Buffalo, Buffalo, New York, United States of America, 21 Department of Ecology and Evolutionary Biology, University of Colorado, Boulder, Colorado, United States of America, 22 Graduate School of Library and Information Science, University of Illinois at Urbana-Champaign, Urbana-Champaign, Illinois, United States of America, 23 3101 VLSB, Museum of Vertebrate Zoology, University of California, Berkeley, Berkeley, California, United States of America, 24 Informatics Branch, Information Technology Office, National Museum of Natural History, Smithsonian Institution, Washington, DC, United States of America, 25 University of California San Diego, La Jolla, California, United States of America Abstract The study of biodiversity spans many disciplines and includes data pertaining to species distributions and abundances, genetic sequences, trait measurements, and ecological niches, complemented by information on collection and measurement protocols. A review of the current landscape of metadata standards and ontologies in biodiversity science suggests that existing standards such as the Darwin Core terminology are inadequate for describing biodiversity data in a semantically meaningful and computationally useful way. Existing ontologies, such as the Gene Ontology and others in the Open Biological and Biomedical Ontologies (OBO) Foundry library, provide a semantic structure but lack many of the necessary terms to describe biodiversity data in all its dimensions. In this paper, we describe the motivation for and ongoing development of a new Biological Collections Ontology, the Environment Ontology, and the Population and Community Ontology. These ontologies share the aim of improving data aggregation and integration across the biodiversity domain and can be used to describe physical samples and sampling processes (for example, collection, extraction, and preservation techniques), as well as biodiversity observations that involve no physical sampling. Together they encompass studies of: 1) individual organisms, including voucher specimens from ecological studies and museum specimens, 2) bulk or environmental samples (e.g., gut contents, soil, water) that include DNA, other molecules, and potentially many organisms, especially microbes, and 3) survey-based ecological observations. We discuss how these ontologies can be applied to biodiversity use cases that span genetic, organismal, and ecosystem levels of organization. We argue that if adopted as a standard and rigorously applied and enriched by the biodiversity community, these ontologies would significantly reduce barriers to data discovery, integration, and exchange among biodiversity resources and researchers. Citation: Walls RL, Deck J, Guralnick R, Baskauf S, Beaman R, et al. (2014) Semantics in Support of Biodiversity Knowledge Discovery: An Introduction to the Biological Collections Ontology and Related Ontologies. PLoS ONE 9(3): e89606. doi:10.1371/journal.pone.0089606 Editor: Vladimir B. Bajic, King Abdullah University of Science and Technology, Saudi Arabia Received June 8, 2013; Accepted January 24, 2014; Published March 3, 2014 Copyright:  2014 Walls et al. This is an open-access article distributed under the terms of the Creative Commons Attribution License, which permits unrestricted use, distribution, and reproduction in any medium, provided the original author and source are credited. Funding: We gratefully acknowledge the support from the US National Science Foundation (NSF http://www.nsf.gov/) through the following grants: Research Coordination Network for Genomic Standards Consortium (DBI-0840989), EAGER: An Interoperable Information Infrastructure for Biodiversity Research (IIS1255035), Collaborative Research: BiSciCol Tracker: Towards a tagging and tracking infrastructure for biodiversity science collections (DBI: 0956371, 0956350, 0956426), Collaborative Research: Data Integration for Repository Services in Biodiversity Informatics (DBI-0851313), and the National Institutes of Health (NIH http://www.nih.gov/) through a grant to the National Center for Biomedical Ontology (U54 HG004028). RW is supported by DBI-0735191 (The iPlant Collaborative). PLB is supported by the European Commission under Grant Agreement nu 287589 (MicroB3). NM is supported by the European Commission 7th Framework Programme (FP7) as part of its e-Infrastructures activity (Grant no. 283359, BioVeL). Any opinions, findings, conclusions, or recommendations expressed in this report are those of the participants and do not necessarily represent the official views, opinions, or policy of the National Science Foundation. The funders had no role in study design, data collection and analysis, decision to publish, or preparation of the manuscript. PLOS ONE | www.plosone.org 1 March 2014 | Volume 9 | Issue 3 | e89606 Competing Interests: The authors have declared that no competing interests exist. * E-mail: rwalls@iplantcollaborative.org . These authors contributed equally to this work. Introduction The loss of biodiversity is a major societal issue of our time, ultimately impacting the need for food, fuel, fiber, and animal feed [1–3]. Recognition of the accelerating loss of biodiversity has prompted immediate, global action, including initiatives such as the Convention on Biological Diversity (CBD) – an agreement between 150 countries dedicated to sustainable development [4] – and the Intergovernmental Platform on Biodiversity and Ecosystem Services (IPBES). These initiatives require scientific research into underlying biological, physical, and chemical processes to develop predictive models and inform policy decisions. Trustworthy data about past and present biodiversity are essential to achieve these goals [5], and the Group on Earth Observation Biodiversity Observation Network (GEO-BON) was established as the international organization to coordinate these efforts [6]. Assembling the data sets needed for global biodiversity initiatives remains challenging. Biodiversity data are highly heterogeneous, including information about organisms, their morphology and genetics, life history and habitats, and geographical ranges. These data almost always either contain or are linked to spatial, temporal, and environmental data. Biodiversity science seeks to understand the origin, maintenance, and function of this variation and thus requires integrated data on the spatiotemporal dynamics of organisms, populations, and species, together with information on their ecological and environmental context. Biodiversity knowledge is generated across multiple disciplines, each with its own community practices. As a consequence, biodiversity data are stored in a fragmented network of resource silos, in formats that impede integration. The means to properly describe and interrelate these different data sources and types is essential if such resources are to fulfill their potential for flexible use and re-use in a wide variety of monitoring, scientific, and policy-oriented applications [5]. Even the most basic quantification of biodiversity, such as accurately accounting for the species on the planet or representing the geographic distribution of those species, remains frustratingly incomplete [7], [8]. New approaches, such as high-throughput DNA sequencing of environmental samples, promise to accelerate a quantitative assessment of biodiversity [9], including the vast and still largely unexplored diversity found among microbes. However, these approaches also create new challenges, because they may bypass traditional description, naming, and classification processes, leading to a disconnect between names and sequences [10]. Nevertheless, advances in molecular biology and the 'big data' they generate are stimulating the adoption of new information technologies that erode the separation among data, interpretation, and publishing through new dissemination methods that support linked data and rich media [11–13]. All of these advances underscore the urgent need for improved approaches to describe the many ways that biodiversity scientists capture and assemble data as well as the semantics of the data. Resilient standards and ontologies will be central in addressing this need and will help scientists make use of heterogeneous data in a reliable, harmonized manner – one that relies wherever possible on automatic reasoning rather than on ad hoc manual comparison and assembly of data. The use of ontologies has become widespread in fields such as biomedicine, where they enhance data discovery and access, data interoperability, and knowledge discovery (e.g., [14–16]). The adoption of similar tools by the biodiversity science community would allow the use of big data approaches [17] to build a dynamic picture of population and community assemblages across space and time and to test hypotheses of how organisms function and interact within a given niche, ecosystem, or region. In this paper we report on the ongoing development of ontologies that describe sampling and observing processes of 1) organisms, including ecological voucher specimens and museum specimens that underpin taxonomic knowledge, 2) bulk and environmental samples that contain DNA, other molecules, and often multiple organisms, particularly microbes, and 3) surveybased ecological observations that often do not include the archiving of physical samples. Although not exhaustive, these three examples span much of the breadth of biodiversity sampling and observing processes. Existing ontologies and standards (described in more detail in the following sections) were not designed to describe and integrate data across these processes, and the need to do so motivated the creation of the Biological Collections Ontology (BCO), a semantic resource representing the central notions of sampling, specimen collection, and observations. Herein, we present and describe the BCO, including its relationships to other biological ontologies – in particular the Environment Ontology (ENVO), a common framework for describing environmental information [18], [19], and the Population and Community Ontology (PCO), which models collections of biological entities and their interactions. Finally, we discuss how this set of ontologies can be applied to real-life biodiversity use cases and argue for their adoption by the biodiversity community. These ontologies, particularly the BCO and PCO, are currently under development, and our goal is to provide them to the scientific community in an early but still usable form, in order to promote continued collaborative development. Throughout this paper, we distinguish between ontologies and vocabularies. The former model a knowledge domain, defining the classes of entities, their properties, and the relations between them, whereas the latter are typically flat collections of terms with definitions but with little semantics. Ontology terms (classes and relations/predicates) herein are printed in italics, prefixed by the corresponding acronym (e.g., BCO:material sample). We report only on terms with a BCO, ENVO, or PCO prefix. Although some authors of this paper were involved in the development of many other terminologies described herein, we do not report on the development of those terminologies. Terms from the Darwin Core (DwC) vocabulary are not italicized, because they do not come from an ontology. However, they are prefaced with the namespace abbreviation ''dwc:'' which is shorthand for http://rs.tdwg.org/ dwc/terms/. The diversity of biodiversity data – the need for integration Because biodiversity science spans many disciplines and ranges in scale from molecules to ecosystems, biodiversity data come in many forms. Initial development of the BCO is focused on ways to facilitate integration of data from museum specimen collections, bulk and environmental samples that contain many molecules and Ontologies for Biodiversity Science PLOS ONE | www.plosone.org 2 March 2014 | Volume 9 | Issue 3 | e89606 organisms, and survey-based ecological observations that do not retain a physical sample. Museum and herbarium specimens are the primary physical evidence that document biodiversity via collected and preserved organisms or their parts. These specimens are the subject of the morphological observations, descriptions, and publications that have underpinned biological taxonomy for over 250 years [20]. We recognize that evolution, phylogenetic systematics, and taxonomy play a fundamental role in organizing biological information, and for at least the past two decades, researchers have been trying to clarify the distinct logical models underlying various biological classifications [21–27]. Classification yields concepts and taxa that represent scientific hypotheses; placing those models into an ontology is beyond the scope of this paper, but a discussion of the applicability of ontologies to taxonomy can be found in [28]. New entities – for example, digital images or tissue subsamples – can be derived from museum specimens. This derivation may involve procedures that are destructive, as in the case of tissue harvesting for DNA extraction. In many cases, subsamples find their way into other types of collections, such as cryo-facilities, that are often housed and databased independently from the source collection. Comprehensive biodiversity surveys, such as the Moorea Biocode Project (described in more detail in the Discussion), along with many smaller-scale projects, can be enhanced by the ability to track objects and data across multiple resources and communicate relationships derived from specimen subsampling and distribution to multiple physical or digital repositories. Such tracking is not easily accommodated by current data infrastructure and is one driving use case for the development of the BCO. Environmental samples are of growing importance for high throughput analyses based on advances in DNA sequencing. The field of metagenomics, for example, employs molecular techniques to address the genetic and taxonomic composition of whole communities of organisms (e.g., those present in the gut of an organism or in a sample of soil or water), as well as the function of those communities [29]. We use the term 'environmental sampling' as it is commonly used, although bulk sampling is perhaps a more accurate term. The key point for our purposes here is that the samples are known to contain many different organisms or parts thereof, often including DNA from multicellular organisms plus entire microbial organisms, not whether the samples are from an abiotic material (e.g., soil or water samples) or from the microbiome of an organism (e.g., gut content of a fish or mesophyll tissue of a leaf). In reality, this condition applies to museum specimens too, but, in contrast to traditional museum specimen workflows, environmental sampling explicitly seeks to characterize the mixed communities within the sample. In the case of microbes, these samples often have a species composition that is poorly characterized in terms of traditional taxonomy, as many microbes cannot be cultured. For microbial studies, the environmental context, such as the temperature, pressure, and other physicochemical properties of the original material sampled, is particularly important. The sequence data derived from an environmental sample should inherit the data describing the location, host taxon (in the case of a microbiome), or environmental conditions of the sample. Tracking metadata associated with environmental samples is further complicated by structured sampling protocols, such as ocean sampling shown in Figure 1A. The need to semantically describe the biological and environmental components of metagenomic samples provides a driving use case for the PCO and ENVO, while the need to link data across sampling events – for example, a metagenomic sampling of an animal's gut and the museum specimen of that animal – has motivated the development of the BCO. Environmental sampling is a key component of the Genomic Observatories Network [8], [30] use case, described in more detail in the Discussion. Ecological surveys provide a third, distinct source of biodiversity data. Survey methods are heterogeneous, but they are often based on a defined time spent quantifying the distribution and abundance of species or individuals within a particular spatial range, rather than single point occurrences. In contrast to museum collections, many ecological studies are based on observations or measurements taken from samples that are neither collected nor archived. Like environmental samples, survey targets may exhibit nested relationships with other features, such as a leaf coming from a plant located in a subplot within a plot (Figure 1B). As a result of this spatial nesting, environmental variables associated with a plot may also be associated with a leaf collected within that plot and with the DNA extracted from that leaf. This type of nested observation or sampling requires the same sort of metadata tracking through a chain of events that was described above for museum and environmental sampling. Database implementations, such as TRY [31] or BIEN [32], use relational databases to successfully model the complexity of ecological sampling, but interpretation of the tables and their attributes is limited to the internal schema of these databases. Expressing ecological data as linked data in Resource Description Format (RDF), using terms drawn from ontologies such as ENVO, PCO, and BCO, can provide the semantic framework needed for automated access to, and reasoning over, what is potentially a huge source of networked data. Community Development Processes and Current State of Biodiversity Standards Although there is still no widely accepted terminology or standard that spans all aspects of biodiversity sampling and observing, there is a long history of community-developed vocabularies and standards for particular aspects of biodiversity data, particularly for museum collection information. We highlight some of those efforts with an eye to how their specific limitations inspired the development of the BCO and ongoing efforts in the PCO and ENVO. The Biodiversity Information Standards (TDWG) organization is a community dedicated to the development of standards for the exchange of biological/biodiversity data. TDWG has ratified and maintains the Darwin Core (DwC) [33] and Access to Biological Collections Data (ABCD) [34] standards. DwC is a relatively small (,200) set of terms and definitions – in the spirit of minimum information standards – that was explicitly developed with no class-property hierarchical structure. This was due to both considerations of simplicity and a lack of mature standards for expressing semantics at the time. ABCD includes terms in common with, and mapped to, DwC, but it has a hierarchical structure and many more terms (,1200). Although it aims to define the semantics of all of its terms, it is not specified as an ontology and lacks a subject-predicate-object format. Both DwC and ABCD have extensions to increase the scope of data they can cover (e.g., DNA collections) and both have been described formally as XML schemas. DwC has been formally described in RDF (dwc-rdf) thus facilitating re-use of terms, but ABCD currently is not available in RDF. While DwC and ABCD represent an important advance in the standardization of biodiversity data, neither is designed to provide the kind of semantics or knowledge modeling needed for robust logical inference. At an even more basic level, many term definitions in the DwC vocabulary have broad definitions that can be Ontologies for Biodiversity Science PLOS ONE | www.plosone.org 3 March 2014 | Volume 9 | Issue 3 | e89606 interpreted in multiple ways, seriously limiting the ability to use these terms in automated reasoning (e.g., dwc:Taxon is defined as ''the category of information pertaining to taxonomic names, taxon name usages, or taxon concepts'' and the DwC type term dwctype:Taxon is defined as ''a resource describing an instance of the Taxon class''). At their 2006 annual conference, TDWG initiated an ontology effort to build a semantic framework tied to Life Sciences Identifiers (LSIDs) [35]. The first draft of this ontology, named the TDWG LSID Ontology (http://rs.tdwg.org/ontology/), was intended to guide the further development of standards for biodiversity information. For a variety of reasons, the development of the TDWG LSID ontology later stalled and was discontinued. A new ontology with a more limited focus on the Darwin Core terminology was presented at the TDWG conference in 2011. This product was dubbed Darwin Core Semantic Web (DSW) [36]. DSW provides pairs of inverse object properties that can be used to relate instances of DwC-defined classes. It also codifies a particular outlook on the relationships among the DwC classes that includes differentiating between an individual organism, the presence of an organism at a location (the DSW definition of dwc:Occurrence), and the evidence that documents that presence, such as specimens [37]. DSW provides a semantic framework for reasoning over biodiversity data, but is limited to the context of the DwC terminology and is thus not sufficiently general to cover many of the use cases driving the development of the BCO. TDWG efforts have primarily focused on the description of objects in museum collections, with some attention to observational data, whereas the Genomic Standards Consortium (GSC) [38] has focused on the annotation of genetic sequence data, including those obtained from environmental samples. The GSC's standards are specified in the Minimum Information about any (x) Sequence (MIxS) [39] family of metadata checklists. MIxS consists of checklists for genome/metagenome sequences (MIGS/MIMS) and genetic marker sequences (MIMARKS), with shared descriptors across all three checklists, checklist-specific descriptors, and a suite of environment-specific descriptor ''packages''. These lists provide an avenue for contextualizing sequences at the time of collection or submission to repositories and, where possible, specify the use of terms from community-sanctioned ontologies such as ENVO. MIGS and MIMS are formalized in an XML schema (the Genomic Contextual Data Markup Language or GCDML) [40] but currently are not available as RDF vocabularies. One limitation of the MIxS standards is that the metadata do not contain a sufficient semantic framework for relating genomic and metagenomic samples to individual organisms, identification instances (e.g., species names), and the sampling processes from which they were derived. BCO seeks to address this gap. Parallel to the efforts described above, a task group established in 2010 by the Global Biodiversity Information Facility (GBIF) to explore options for the implementation of Knowledge Organization Systems for biodiversity information standards [41], [42] proposed to initiate a closer integration between the TDWG standards and the Open Biological and Biomedical Ontologies (OBO) Foundry framework, specifically by proposing to adopt some of the OBO Foundry principles [43]. Based on that proposal, in 2011, the NSF-funded Research Coordination Network for the Genomic Standards Consortium (RCN4GSC) [44], [45] began a series of meetings to reconcile discrepancies between terms in the DwC and the MIxS standards [46]. This activity was meant to help harmonize vocabularies used to describe museum collections data and metagenomic biodiversity assays. The vocabulary alignment meetings recognized inconsistencies in the use of fundamental terms such as 'sample', 'specimen', and 'occurrence'. In Figure 1. Structured sampling schemes. (A) Biological sampling can be structured in both space and time. Environmental sampling of ocean water often includes sampling along a transect, with samples collected at multiple depths at each location. Additionally, each sample of water collected may be subsampled for metagenomic analysis or measuring chemical content. (B) Sampling schemes in ecological studies are often nested and may include plot; subplot or transect within plot; individual within plot, subplot, or transect; organ (e.g., leaf) within individual; tissue within organ; and DNA or mineral (e.g., C or N) within tissue. DNA extracted from a leaf of a tree that is present in a sub-plot may therefore be characterized by environmental features of the plot. doi:10.1371/journal.pone.0089606.g001 Ontologies for Biodiversity Science PLOS ONE | www.plosone.org 4 March 2014 | Volume 9 | Issue 3 | e89606 response, the RCN4GSC organized a Semantics of Biodiversity (SoB) workshop in Lawrence, Kansas in May of 2012 [47]. SoB brought together a range of domain experts to comment on a proposal for aligning terms within a larger framework, using the Basic Formal Ontology (BFO) [48], [49] and OBO Foundry principles as a guide. Building on the SoB event, the Biocode Commons Ontology Hackathon, supported by the RCN4GSC and the BiSciCol project, was held at GSC14 in Oxford [47] to formalize the concepts outlined at the SoB workshop as an ontology. Initial investigations revealed that existing OBO Foundry ontologies, such as the Gene Ontology (GO) [50], [51], Sequence Ontology (SO) [52], [53], or Ontology for Biomedical Investigations (OBI) [54] – while providing some classes relevant to the biodiversity domain – do not model concepts like museum specimens or environmental sampling and their relationships to the entities derived from them. As a result, a decision was made to develop the BCO further as a separate ontology. At both the SoB and the Biocode Commons workshops, participants were aware that ontology development would need to support existing standards such as DwC and MIxS. However, they chose to model biological sampling and processes de novo, in order to avoid specific shortcomings of the existing standards, such as the lumping of collected specimens and observations (i.e. measurements or sightings recorded without a collected specimen) in dwc:Occurrence. Workshop participants also recognized the need to connect BCO concepts to allied ontologies such as ENVO and PCO and supported continued development within the OBO Foundry framework, including the use of the BFO as an upper level ontology. Following the GSC14 meeting, the ''Biocode Commons'' was established as a formal GSC Project to provide the informatics stack for the Genomic Observatories Network [9], [30] – a collaboration of GSC and GEO-BON. The BCO draws heavily on use cases from the Genomic Observatories Network and is working to establish BCO as a key objective of the Biocode Commons. Furthermore, the NSF-funded EAGER: Interoperative Informatics Infrastructure for Biodiversity Research (I3BR; hosted at UCSD with John Wooley as PI) is building on the efforts of the RCN4GSC, TDWG, GSC, and GBIF to support the increased interoperability of molecular and biodiversity standards and syntax and thus enhance semantic interoperability of their data holdings. The BCO represents an important part of this effort, by providing the necessary semantics to model biodiversity data. Going forward, I3BR support will help create task groups to establish the infrastructure for managing ontologies. Methods and Results: Ontology Development The Biological Collections Ontology (BCO) This manuscript describes the October 1, 2013 BCO release, which is available to view or download in the Web Ontology Language (OWL) [55] at http://purl.obolibrary.org/obo/bco/ releases/2013-10-01/bco.owl (Table 1). The most current stable version of the BCO is always available at http://purl.obolibrary. org/obo/bco.owl and can be browsed via BioPortal at http:// bioportal.bioontology.org/ontologies/BCO. The most current production version of the BCO is available at http://bco. googlecode.com/git/src/ontology/bco.owl. Curation of the BCO follows a community development model as practiced by many other OBO Foundry ontologies. Initial development was described above in ''Community Development Processes and Current State of Biodiversity Standards,'' and subsequent development is being hosted in a public repository at http://code. google.com/p/bco/. Anyone is welcome to suggest additions or modifications to the ontology via the Google Code issue tracker, or to join the BCO mailing list (https://groups.google.com/forum/ ?fromgroups#!forum/bco-discuss). Coordination with other OBO Foundry ontologies takes place via the OBO-discuss mailing list. Development in the BCO to date has focused on the terms BCO:material sample and BCO:material sampling process and related classes (Figure 2). A BCO:material sample (Figure 2) is defined as a BFO:material entity that is the output of a BCO:material sampling process and which has a BCO:material sample role. Examples of BFO:material entities that may be classified as BCO:material samples include a preserved animal in a museum collection (Figure 3A) a portion of ocean water in a jar (Figure 4A), a herbarium specimen, or a fossil specimen. A jar of ocean water takes on or realizes the BCO:material sample role by virtue of taking part in a BCO:material sampling process. That is, it is selected for study, physically extracted from the environment, and submitted for preservation or study. Because any BFO:material entity can realize a BCO:material sample role by being the output of some BCO:material sampling process, it is the specification of the role that allows entities to be classified as BCO:material samples. If a BCO:material sampling process is further carried out on a BCO:material sample, the resulting BCO:material sample is known colloquially as a subsample. For example, in an experimental process where DNA was extracted from a sample of a microbial community, which was extracted by filtration from a jar of marine water, BCO:material samples derived from the jar of marine water can be called subsamples. As the conceptualization of a sample and subsample are very similar (both are BFO:material entities that are the product of a BCO:material sampling process), we use an instance-level representation of the targets and products of a Table 1. Metrics on current versions of the BCO, ENVO, and PCO. Ontology # of terms: total/in namespace/ imported # of relations: total/subclassOf1 # of deprecated terms Biological Collections Ontology (BCO) 102/42/602 39/24 15 Environment Ontology (ENVO) 1556/1335/2213 2077/1868 19 Population and Community Ontology (PCO) 1345/24/13214 20/18 0 1. For BCO and PCO, the number of relations includes only relations that point to a BCO or PCO term, to adjust for the large proportion of imported terms. 2. 39 imported from Basic Formal Ontology, 13 imported from Information Artifact Ontology, 10 imported from Ontology for Biomedical Investigations, 1 imported from Common Anatomy Reference Ontology. 3. 172 imported from Chemical Entities of Biological Interest, 49 from Phenotypic Quality Ontology. 4. 39 imported from Basic Formal Ontology, 1269 imported from Gene Ontology, 11 imported from Information Artifact Ontology, 2 imported from Common Anatomy Reference Ontology. doi:10.1371/journal.pone.0089606.t001 Ontologies for Biodiversity Science PLOS ONE | www.plosone.org 5 March 2014 | Volume 9 | Issue 3 | e89606 BCO:material sampling process as a means to identify procedural subsamples, without the creation of an explicit subsample class. BCO:material sampling process (Figure 2) is a subclass of OBI: planned process, which comes from the Ontology for Biomedical Investigations (OBI) [54]. Three other types of processes are used to define a BCO:material sampling process: a BCO:selecting process (a planned process by which a person or machine decides that a particular material entity is worthy of collection), a BCO:physical extraction process (a planned process that involves removing a material sample from one site to another), and a BCO:submitting process (a planned process whereby a person submits a material sample to an organization). A BCO:material sampling process is distinguished from a BCO:observing process in that a BCO:observing process has as output an IAO:information content entity (from the Information Artifact Ontology or IAO), rather than a BCO:material sample, although both processes have a BCO:selecting process as a part. Other processes involved in biodiversity investigations, such as photographing organisms or specimens, will be covered by future versions the BCO, and terminology for modeling species inventories is currently under development. The Environment Ontology (ENVO) This manuscript briefly describes the March 1, 2013 ENVO release, which is available to view or download in OBO format at http://envo.googlecode.com/svn/releases/2013-03-01/envo.obo (Table 1). Herein we focus on the aspects of ENVO that are applicable to biodiversity science, but a more complete description of ENVO, including its curatorial process is available at [19]. The latest version of ENVO can be browsed on the ENVO website (http://www.environmentontology.org/Browse-EnvO). The ontology is versioned in a Google code repository (http://code. google.com/p/envo/) and requests for new classes handled by an associated issue tracker. ENVO [18] was initiated in 2007 and has been adopted by the GSC. ENVO is a community-developed ontology for the standardized description of the environmental context of any Figure 2. Core terms of the Biological Collections Ontology (BCO) and their relations to upper ontologies. Core BCO terms (in orange) are subclasses of terms from the Basic Formal Ontology (BFO – in yellow) or the Ontology for Biomedical Investigations (OBI – in blue). For example, BCO:material sample is a subclass of BFO:material entity and has role BFO:material sample role (which is a BFO:role), while BFO:material sampling process is a subclass of OBI:planned process, and has as specified output BCO:material sample. doi:10.1371/journal.pone.0089606.g002 Ontologies for Biodiversity Science PLOS ONE | www.plosone.org 6 March 2014 | Volume 9 | Issue 3 | e89606 entity of interest. Any instances of a BFO:material entity, including instances of PCO:species, PCO:population, or PCO:community, as well as instances of a BFO:process may be annotated using ENVO classes. While ENVO classes make no reference to specific locations or to generic geospatial properties, they are naturally linked to geospatial information. Such information may be Figure 3. Linking samples and derivatives from the Moorea Biocode project. (A) Biodiversity data from the Moorea Biocode project were collected at many different levels that are connected to one another in biologically meaningful ways, such as an Essig Museum specimen collected as part of a Biocode bioinventory event, a tissue sample submitted to the Smithsonian Institution, a metagenomic gut sample collected from the specimen and registered with the CAMERA portal, or DNA extracted from either the tissue or metagenomic sample. (B) A graphical representation of how part of the workflow shown in A (from field collection to tissue sampling to DNA extraction) can be annotated with terms from multiple, coordinated ontologies and queried via an ontology-based data store. Ontology classes are shown as ovals and instances are shown as rectangles, with instances color-coded to match their parent classes. This figure shows how, for example, TaxonID B resulting from the BLAST identification process on Genbank sequence B can be linked back to the original Moorea Biocode sampling process, or how a chain of inputs and outputs can be used to infer that an instance of DNA molecules is derived from an instance of an insect specimen. doi:10.1371/journal.pone.0089606.g003 Ontologies for Biodiversity Science PLOS ONE | www.plosone.org 7 March 2014 | Volume 9 | Issue 3 | e89606 Figure 4. Linking data across sites in the Genomic Observatories network's Ocean Sampling Day. (A) Ocean Sampling Day involves the simultaneous sampling of the world's oceans on a single day, as represented by the red stars on the map of the earth. Multiple ocean water sampling processes take place at each location. Those water samples are filtered to produce samples of organismal communities that are submitted to the bioarchive at the Smithsonian Institution. A subsample of the filtered material is analyzed to produce a metagenomic sequence, which may be stored in the Genomes Online Database (GOLD). To be useful in comparative studies, data from each process at each location must be accessible and interpretable. (B) A graphical representation of how part of the workflow shown in A (from ocean water sampling to filtering to metagenomic sequencing) can be annotated with terms from multiple, coordinated ontologies and queried via an ontology-based data store. Ontology classes are shown as ovals and instances are shown as rectangles, with instances color-coded to match their parent classes. This figure shows how a metagenomic sequence and the taxa associated with it can be linked back to the original Ocean Sampling Day collecting event through a chain of inputs and outputs. doi:10.1371/journal.pone.0089606.g004 Ontologies for Biodiversity Science PLOS ONE | www.plosone.org 8 March 2014 | Volume 9 | Issue 3 | e89606 expressed via resources such as ENVO's sister-project, Gaz, a first step towards an open source gazetteer constructed on ontological principles. ENVO includes three hierarchies comprising the subclasses of ENVO:biome, ENVO:environmental feature, and ENVO:environmental material, described more fully in [19]. Ideally, when annotating entities with ENVO, classes from each of these hierarchies should be combined to describe an environment from these three different perspectives. An example of a minimal annotation of a pelagic shark observed feeding near a shallow coral reef would include three classes: ENVO:neritic epipelagic zone biome (biome), ENVO:coral reef (environmental feature), and ENVO:coastal water (environmental material). A future release of ENVO will include classes defining the concepts of habitat and niche, with reference to the relevant concepts in PCO. Following community review, these classes, together with ENVO:biome, ENVO:environmental feature, and ENVO:environmental material, aim to lay a foundation for more refined and standardized handling of these key ecological concepts. Finally, in an effort to enhance their clarity and conform to OBO Foundry principles, ENVO top-level classes are currently being aligned with BFO, and work to establish formal definitions is in progress. The Population and Community Ontology (PCO) This manuscript describes the October 3, 2013 PCO release, which is available to view or download in the Web Ontology Language (OWL) [55] at http://purl.obolibrary.org/obo/pco/ releases/2013-10-03/pco.owl (Table 1). The most current stable version of the PCO is always available at http://purl.obolibrary. org/obo/pco.owl and can be browsed via BioPortal at http:// bioportal.bioontology.org/ontologies/PCO. The most current production version of PCO is available at http://popcommontology.googlecode.com/svn/trunk/src/ontology/pco.owl. Curation of the PCO follows the same community development model as described above for the BCO. The requests for new terms and modifications can be made at the issue tracker (http:// code.google.com/p/popcomm-ontology/issues/list) or to the PCO mailing list (popcomm-ontology@googlegroups.com). Development of the PCO presents some special challenges for ontology coordination because, until recently, ontological terminology for populations and communities has been developed in an ad hoc manner spread over multiple ontologies. A goal of the PCO project is to coordinate that development by defining terminology for populations and communities in collaboration with the appropriate domain experts and continuing discussions with the curators of other ontologies such as GO, Infectious Disease Ontology (IDO) [56], Phenotypic Quality Ontology (PATO), and NeuroBehavior Ontology [57] about how PCO terminology should be integrated with those ontologies. The PCO aims to serve the bioinformatics needs of populationbased studies such as ecology, evolutionary biology, community healthcare, and clinical biomedical research. Within the context of biodiversity studies, PCO terminology is important for describing multi-organism (e.g., metagenomic or ecological) samples and sampling, as well as for the construction of logical definitions of terms such as niche or habitat (see section on ENVO above). Discussion Many applications of biodiversity science require the collection, integration, and analysis of data from a variety of sources as well as a way to link information about biological entities and their derivatives as materials and data move through various processes and institutions (Table S1). Ontologies offer an opportunity to link data semantically within and across biodiversity sub-disciplines, by creating a unified knowledge model that spans many data types. The BCO – in conjunction with other ontologies such as PCO, ENVO, or OBI – helps to break down the barriers among data silos, enhancing the value of biodiversity data by allowing researchers to query across data sets. We illustrate the complexity of the problem domain and the utility of ontologies by focusing on two specific use cases drawn from the Moorea Biocode Project and the Genomic Observatories Network, as mentioned earlier, but also discuss additional examples from other contexts. Tracking samples in a large bio-inventory project: the Moorea Biocode Project The Moorea Biocode Project aimed to create the first comprehensive inventory of all non-microbial life in a tropical ecosystem by constructing a library of genetic markers (DNA barcodes [58]) and physical identifiers for every species of plant, animal, and fungus on the Pacific island of Moorea [59]. Each step in the Moorea Biocode Project, such as those shown in Figure 3A, follows protocols, has inputs and outputs, and is accompanied by metadata collection. Starting at any step in the chain, researchers need to find and access data/metadata associated with any other step. Figure 3B shows selected ontology terms that can be used to annotate data from the Moorea Biocode Project. For the sake of clarity, Figure 3 does not show every relationship that could or should be annotated in this workflow. One outcome of the annotation process is to enable a linked data approach [60] by representing relationships among instances and between instances and ontology term identifiers, using uniform resource identifiers (URIs) as globally unique identifiers. The BiSciCol project is implementing such an approach by storing relationships harvested from community-accessible data sets and enabling queries using relevant ontologies. Some examples of the types of queries that could be performed in the context of the Moorea Biocode Project use case include: 1. Show cases where the taxonomic identification determined through morphological keying (e.g., TaxonID A in Figure 3B) differs from that determined through DNA sequencing (e.g., TaxonID B in Figure 3B). 2. List the ENVO:feature and other environmental parameters recorded during a Moorea Biocode sampling process that are associated with Genbank sequence B. 3. Return all the taxa that have been collected as part of the Moorea Biocode Project and where to find the specimens, DNA samples, and sequences associated with those taxa. Coordinating multi-site environmental sampling: Genomic Observatories Network The Genomics Observatories Network aims to build a global network of research sites, each of which collect and integrate genomic, environmental, and socio-ecological data – all well contextualized by the time and place of collection [9], [30]. Genomic Observatories may be terrestrial, freshwater, or marine, and should support intensive environmental and ecological data collection as part of a long-term commitment to research in that ecosystem. Data from the study sites are digitized for export to global data repositories such as GBIF and the International Nucleotide Sequence Database Collaboration (INSDC). Ocean Sampling Day (OSD) is an initial project of the Genomic Observatories Network that involves a simultaneous sampling campaign of the world's oceans on the summer solstice of 2014 Ontologies for Biodiversity Science PLOS ONE | www.plosone.org 9 March 2014 | Volume 9 | Issue 3 | e89606 (Figure 4). The broader EU FP7 Project MicroB3 is developing metadata collection protocols and workflows for OSD [61]. Samples will be characterized for their planktonic and microbial composition as well as their water quality (e.g., optical qualities, dissolved minerals). OSD aims to have standardized metadata that will describe the sampling process, post-capture processing of samples, data generation and analysis, and information on the sampling sites. Because OSD is a global project, it relies heavily on a distributed network of sampling stations (i.e. Genomic Observatories) spanning many countries and institutions, some in extreme environments. Consequently, the ability to relate samples and sampling processes – from the field and the lab – to analyses and publications is a major challenge for project management. The Genomic Observatories Network established the Biocode Commons as an open, collaborative community for building the necessary informatics stack for biodiversity genomics research, such as that of OSD. Figure 4B describes the inputs and outputs from OSD, including instances of: BCO:material sample to track physical samples such as sea water vials, filter discs, and DNA molecules; BCO:material sampling process to track events related to these samples; and BCO:identification process to track events that lead to taxon name assignments. Examples of the types of queries that could be performed in the context of the OSD use case include: 1. For a given taxon identification, show process metadata related to the relevant ocean-water filtration and collecting event. 2. Return a map of all locations where a given taxon was found on Ocean Sampling Day. 3. Show a list of identified taxa that are found in a given range of environmental conditions. 4. Discover metadata related to the DNA extraction process for a given sequence. Genetic analysis requires the expense of physical sampling, so consolidating efforts across Genomic Observatories helps to maximize the knowledge gained from these field collections by focusing efforts at scientifically important sites [9]. Realizing the full potential of such an approach, however, requires the linking of data through ontologies, not only within projects like OSD but also between projects and across different scientific fields. Efforts to annotate biodiversity data sets with ontology terms are underway and will be available through the BCO code repository in the future. Modeling biodiversity with well-constructed ontologies Although Figures 3 and 4 illustrate many possible biodiversity inputs and outputs that need tracking, they only scratch the surface of the use cases that can be modeled using carefully constructed ontologies in the biodiversity and ecology domains (Table S1). Biodiversity investigations often involve the collection of BCO:material samples, as in botanical or zoological collecting expeditions, species inventories or bio-blitzes, documentation of species at ecological observatories, ocean water sampling, and environmental sampling. In each of these use cases, material samples must be linked to data associated with the original collecting event as well as downstream derivatives such as duplicate specimens, DNA subsamples, photographs, or digital records. Other use cases relevant to biodiversity studies will involve the collection of material samples, but not their preservation. A case in point is certain metagenomic studies, where biological specimens are effectively consumed or destroyed during the sampling processing. Metagenomic analyses present many other new challenges, given the large number of sequences that have no reference to taxonomic names. How can phylogenetic trees or operational units be easily combined across analyses [62]? How can the trees and operational units be reconciled with names and specimens? It becomes even more challenging when microbial communities exchange their genes between sampling/sequencing events, yielding new suites of sequences that differ from previous time points. Consistent use of standardized ontology terminology and stable identifiers can help overcome these challenges by providing a way to track samples and data over time. Finally, many biodiversity data sets reference neither specimens nor genes, but instead provide only a list of taxa observed in an area, or even of taxa not detected (absence data). Absence data are theoretically critical for ecological niche modeling but come with their own set of challenges, both scientific (e.g., how to specify the relevant spatial and temporal baseline for an absence [63]) and ontological (e.g., how to capture negative assertions to the effect that entities of a given type do not exist [64]). Vegetation plot surveys, transects, and monitoring activities such as annual surveys of ecological observatories (Table S1) are classic examples of data sets that hold a wealth of relatively inaccessible biodiversity data in highly dispersed, non-standardized repositories. As the BCO grows to encompass ecological survey and inventory data, it will provide a key piece of the infrastructure needed to integrate survey data more effectively via shared, linked, and well-understood terms. The use of ontology terms and globally unique identifiers, as part of a linked data framework, provides the means to answer key questions not only within complex multi-institutional projects, such as the Moorea Biocode Project and OSD, or across largescale e-infrastructure initiatives such as the Genomic Observatories Network, but also within and among single-investigator led research projects or across citizen science initiatives. For example, a query such as ''find all metagenomes collected from insects found in soil'' requires data from many sources to be linked and freely available. Ontologies are essential to resolve queries such as this effectively, because data from different projects are often annotated with different levels of precision. For example, ENVO's environmental material hierarchy would allow this query to return results for samples collected in ENVO:loam, knowing that it is a subclass of ENVO:soil. Coordination with other ontologies and vocabularies Curators of the BCO, ENVO, and PCO are committed to development following OBO Foundry principles. These include providing human readable textual definitions of terms, using consistent conventions for naming, formatting, versioning, and URI specification, and maintaining ontologies in light of scientific advances in the relevant domains. OBO Foundry principles are geared toward constructing a set of open access, interoperable, non-redundant ontologies built on shared content, collaboration, and documentation. The use of a shared upper ontology and common relations facilitates linking classes and instances between BCO, ENVO, PCO, and the suite of other ontologies being developed according to OBO Foundry principles. The BCO is able to re-use terms from OBO Foundry ontologies like GO [50], SO [52], OBI [54], or various anatomy ontologies to create an application ontology tailored to the needs of the biodiversity community (for example, Figures 3 and 4 show examples of integration of BCO and OBI). Developers also can take advantage of the methods and technologies developed in large-scale informatics projects that use OBO Foundry ontologies, such as the Neuroscience Information Framework (NIF) [14] and eagle-i [15]. Ontologies for Biodiversity Science PLOS ONE | www.plosone.org 10 March 2014 | Volume 9 | Issue 3 | e89606 To reduce redundancy, BCO, ENVO, and PCO each import a number of terms from other, independently developed ontologies. The BCO and PCO import the entirety of the BFO and the IAO's ontology-metadata ontology, plus CARO:organism or virus or viroid from the Common Anatomy Reference Ontology (CARO) [65]. BFO [48], [49] is an upper-level ontology that provides a formal, domain neutral specifications of basic types of entities such as BFO:object, BFO:quality, and BFO:process. IAO terms are used to provide annotation properties, as well as the term IAO:information content entity and its subclasses. This includes IAO:data item, which covers information generated as a result of an assay, such as a DNA sequence as found in Genbank. Descriptions of BCO:material samples from organismal parts required to supplement ENVO can be taken from taxon-specific anatomy ontologies as needed. As development of the BCO progressed, it became clear that the notions of material sample, subsample, and measurement were already covered in the Ontology for Biomedical Investigations (OBI). However, given its much broader scope (OBI is an ontology that aims to enable the description of all biological and clinical investigations through a shared vocabulary [54]), OBI contains many unfamiliar term names and extraneous classes. A first step toward alignment among the BCO, OBI, DwC, and MIxS was the proposal by BCO developers to replace BCO:material sample in future versions with OBI:specimen and simultaneously propose its adoption by both DwC and MIxS. A formal proposal has been submitted to TDWG to add a new term called dwctype:MaterialSample (referencing OBI:specimen) to the DwC type vocabulary. A separate proposal, currently under review by the MIxS community, recommends a revision to the definition of the MIxS property source_mat_id that includes a reference to OBI:specimen. These proposals do not aim to replace the use of terms from DwC or MIxS; rather, adding ''material sample'' to those vocabularies allows information from them to filter up to BCO and OBI more effectively and provides a mechanisms for computationally accessing legacy biodiversity data sets annotated using DwC or ABCD (for collections data) or MIxS (for genomic and metagenomic data). Work is underway to convert legacy data sets annotated with DwC and MIxS to ontology-based data sets, and will be reported in a future publication, along with mappings of DwC and MIxS terms to BCO and other ontologies. While the efforts described herein focus primarily on harmonization with vocabularies and ontologies from the life sciences, there are other communities actively developing knowledge representations for information collected by a broad range of earth science researchers. For example, the Open Geospatial Consortium offers a standard for describing environmental features, observations, and measurements in a formal XML schema (ISO/DIS 19156) that is being translated into RDF. Open Geospatial Consortium has also developed GeoSPARQL for querying geospatial data expressed in RDF. Development of the ESIP-based Semantic Web for Earth and Environmental Technology, or SWEET ontology is ongoing. The Scientific Observations Network, or SONet effort, is an NSF-funded INTEROP that is attempting to harmonize how observations and measurements are described in the context of ecological and environmental science investigations [66]. BCO curators have established communication with members from these communities as well, in order to achieve interoperability of semantic terminologies for natural science investigations in the broadest sense. Conclusions The development of ontologies for biodiversity sciences aims to overcome several shortcomings of the current state of affairs: 1) a lack of clarity in the definitions of terms currently used for biodiversity data, 2) the inability to reason over complex data sets due to a lack of well-structured logical definitions, and 3) an inability to integrate museum collection data with other large biological data sets such as the GO database, environmental or metagenomic data, and survey-based data. However, these efforts can only realize their full potential when data are both digitized and shared. The development of ontologies must therefore go hand in hand with the ongoing digitization of biological collections and the development of online, sustainable data repositories that maintain stable, globally unique identifiers for data objects. Also critically important is the development of accessible tools to enable scientists to annotate their data accurately with terms drawn from ontologies and query their data using semantically enhanced techniques. These tools ideally will be integrated with the major data repositories supporting biodiversity investigations. By providing a single unified structure for biodiversity knowledge – as opposed to ad hoc solutions that must be customized for each data set – the BCO and related ontologies permit potentially unlimited queries across data sets. This does not prohibit the construction of application-specific databases, but instead suggests that those databases should use ontology terms and URIs to make their data discoverable and interoperable; rather than replace existing vocabularies like DwC, the BCO supplements them. The success of the ontology-based, linked data approach that we propose depends on the adoption and review of BCO, PCO, and ENVO by the scientific community. We hope that current work will spur interest and feedback from scientists and bioinformaticians who see data integration, interoperability, and reuse as the solution to bringing the past 300 years of biological exploration of the planet into currency for science and society. Supporting Information Table S1 Example use cases in biodiversity science that could be annotated using the BCO, ENVO, and/or PCO. Each of these use cases requires linking information (i.e. data or metadata) about material entities of interest to biologists as materials and data move through various processes and institutions. Examples are provided of the types of queries that can be facilitated through the use of ontologies, as well as links to example datasets. (DOCX) Acknowledgments We thank Chris Mungall, Cynthia Parr, Robert Hoehndorf, and two anonymous reviewers for comments on earlier versions of this manuscript, Melissa Haendel, Jim Balhoff, and Matt Yoder for comments on the BCO, Bjoern Peters and the OBI Consortium (?http://obi-ontology.org/page/ Consortium) for contributing text on the Ontology for Biomedical Ontologies, and the participants of the Semantics of Biodiversity Workshop in Lawrence, Kansas (May, 2012) and the Biocode Commons Ontology Hackathon in Oxford, England (September, 2012) who are not co-authors of this manuscript but contributed to ontology development: Vijay Barve, Jim Beach, Matthiew Bietz, Gabi Droege, Michelle Koo, John Kunze, Chuck Miller, Gil Nelson, Cynthia Parr, Sujeevan Ratnasingham, Jai Rideout, Robert Robbins, Phillipe Rocca-Serra, Joel Sachs, Inigo San Gil, Herbert Schentz, Peter Sterk, Steve Stones-Havas, Mellisa Tulig, Dave Vieglais, Brian Wee, Trish Whetzel, and Greg Whitbread. Author Contributions Wrote the paper: RW RB PLB JD RG NM. Edited, revised, critiqued, and wrote small sections of the manuscript: S. Baskauf S. Blum S. Bowers ND DE MAG RH AJ LK AM PM ÉÓT MS B. Smith B. Stucky AT J. Wieczorek J. Whitacre J. Wooley. Developed Biological Collections Ontology: RW RB S. Blum S. Bowers PLB JD DE MAG RH AJ LK Ontologies for Biodiversity Science PLOS ONE | www.plosone.org 11 March 2014 | Volume 9 | Issue 3 | e89606 AM NM ÉÓT MS B. Smith B. Stucky AT J. Wieczorek J. Whitacre. Developed Environment Ontology: PLB NM. Developed Population and Community Ontology: RW B. Smith PM. Designed ontology framework: B. Smith. Developed Darwin-SW: S. Baskauf. References 1. Pereira HM, Leadley PW, Proença V, Alkemade R, Scharlemann JPW, et al. (2010) Scenarios for global biodiversity in the 21st century. Science 330: 1496– 1501. doi:10.1126/science.1196624 2. Pereira HM, Ferrier S, Walters M, Geller GN, Jongman RHG, et al. (2013) Essential biodiversity variables. Science 339: 277–278. doi:10.1126/science.1229931 3. Cardinale BJ, Duffy JE, Gonzalez A, Hooper DU, Perrings C, et al. (2012) Biodiversity loss and its impact on humanity. Nature 486: 59–67. doi:10.1038/ nature11148 4. United Nations (1992) Convention on Biological Diversity. Opened for signature at the Earth Summit 5 June 1992. Available: http://treaties.un.org/doc/ Treaties/1992/06/19920605%2008-44%20PM/Ch_XXVII_08p.pdf. Accessed 26 May 2013. 5. Hardisty A, Roberts D, Addink W, Aelterman B, Agosti D, et al. (2013) A decadal view of biodiversity informatics: challenges and priorities. BMC ecology 13: 16. doi:10.1186/1472-6785-13-16 6. Scholes RJ, Walters M, Turak E, Saarenmaa H, Heip CHR, et al. (2012) Building a global observing system for biodiversity. Current Opinion in Environmental Sustainability 4: 139–146. doi:10.1016/j.cosust.2011.12.005 7. Jetz W, McPherson JM, Guralnick RP (2012) Integrating biodiversity distribution knowledge: toward a global map of life. Trends in Ecology & Evolution 27: 151–159. doi:10.1016/j.tree.2011.09.007 8. Davies ZG, Fuller RA, Loram A, Irvine KN, Sims V, et al. (2009) A national scale inventory of resource provision for biodiversity within domestic gardens. Biological Conservation 142: 761–771. doi:10.1016/j.biocon.2008.12.016 9. Davies N, Meyer C, Gilbert J, Amaral-Zettler L, Deck J, et al. (2012) A call for an international network of genomic observatories (GOs). GigaScience 1: 5. doi:10.1186/2047-217X-1-5 10. Parr CS, Guralnick R, Cellinese N, Page RDM (2012) Evolutionary informatics: unifying knowledge about the diversity of life. Trends in Ecology & Evolution 27: 94–103. doi:10.1016/j.tree.2011.11.001 11. Pyle RL, Earle JL, Greene BD (2008) Five new species of the damselfish genus Chromis (Perciformes: Labroidei: Pomacentridae) from deep coral reefs in the tropical western Pacific. Zootaxa 1671: 3–31. Available: http://www.mapress. com/zootaxa/2008/f/zt01671p031.pdf. Accessed 26 May 2013. 12. Fisher BL, Smith MA (2008) A Revision of Malagasy Species of Anochetus Mayr and Odontomachus Latreille (Hymenoptera: Formicidae). PLoS ONE 3(5): e1787. doi:10.1371/journal.pone.0001787 13. Penev L, Agosti D, Georgiev T, Catapano T, Miller J, et al. (2010) Semantic tagging of and semantic enhancements to systematics papers: ZooKeys working examples. ZooKeys 50: 1–16. doi:10.3897/zookeys.50.538 14. Imam FT, Larson SD, Bandrowski A, Grethe JS, Gupta A, et al. (2012) Development and use of ontologies inside the neuroscience information framework: a practical approach. Frontiers in Genetics 3. doi:10.3389/ fgene.2012.00111 15. Vasilevsky N, Johnson T, Corday K, Torniai C, Brush M, et al. (2012) Research resources: curating the new eagle-i discovery system. Database 2012. doi:10.1093/database/bar067 16. Tiffin N, Kelso JF, Powell AR, Pan H, Bajic VB, et al. (2005) Integration of textand data-mining using ontologies successfully selects disease gene candidates. Nucleic Acids Research 33: 1544–1552. doi:10.1093/nar/gki296 17. Kelling S, Hochachka WM, Fink D, Riedewald M, Caruana R, et al. (2009) Data-intensive science: A new paradigm for biodiversity studies. BioScience 59: 613–620. doi:10.1525/bio.2009.59.7.12 18. Morrison N, Ashburner M, Field D, Lewis S, the Environment Ontology Consortium, et al. (2009) The environment ontology: Linking environmental data. In: Hřebıček et al. (eds.) Proceedings of the European conference: Towards Environment. Opportunities of SEIS and SISE: Integrating Environmental Knowledge in Europe. pp. 606–608. Masaryk University, Brno, Czech Republic. Available: http://www.e-envi2009.org/?presentations Accessed 10 September 2013 19. Buttigieg PL, Morrison N, Smith B, Mungall CJ, Lewis SE (in press) The environment ontology: contextualising biological and biomedical entities. Journal of Biomedical Semantics. Available: http://www.jbiomedsem.com/ content/pdf/2041-1480-4-43.pdf 20. Beach J, Blum S, Donoghue M, Ford L, Guralnick R, et al. (2010) A strategic plan for establishing a network integrated biocollections alliance. Available: http://digbiocol.wordpress.com/brochure/. Accessed 26 May 2013. 21. Patterson DJ, Cooper J, Kirk PM, Pyle RL, Remsen DP (2010) Names are key to the big new biology. Trends in Ecology & Evolution 25: 686–691. doi:10.1016/ j.tree.2010.09.004 22. Beach JH, Pramanik S, Beaman JH (1993) Hierarchic taxonomic databases. In: Fortuner R, editor. Advances in computer methods for systematic biology: Artificial intelligence, databases, computer vision. Baltimore (ML US): The Johns Hopkins university press. pp. 241–256. 23. Berendsohn WG (1995) The concept of ''Potential Taxa'' in databases. Taxon 44: 207–212. doi:10.2307/1222443 24. Geoffroy M, Berendsohn WG (2003) The concept problem in taxonomy: importance, components, approaches. Schriftenreihe Vegetationsk 39: 5–14. 25. Kennedy J, Kukla R, Paterson T (2005) Taxonomic concept transfer schema. Available: http://www.tdwg.org/standards/117/. Accessed 26 May 2013. 26. Franz NM, Thau D (2010) Biological taxonomy and ontology development: scope and limitations. Biodiversity Informatics 7: 45–66. 27. Franz NM, Peet RK (2009) Towards a language for mapping relationships among taxonomic concepts. Systematics and Biodiversity 7: 5–20. 28. Deans AR, Yoder MJ, Balhoff JP (2012) Time to change how we describe biodiversity. Trends in Ecology & Evolution 27: 78–84. doi:10.1016/ j.tree.2011.11.007 29. Handelsman J, Rondon MR, Brady SF, Clardy J, Goodman RM (1998) Molecular biological access to the chemistry of unknown soil microbes: a new frontier for natural products. Chemistry & Biology 5: R245–R249. doi:10.1016/ S1074-5521(98)90108-9 30. Davies N, Field D (2013) Sequencing data: A genomic network to monitor Earth. Nature 481:145. doi:10.1038/481145a 31. Kattge J, Dıaz S, Lavorel S, Prentice IC, Leadley P, et al. (2011) TRY – a global database of plant traits. Global Change Biology 17: 2905–2935. doi:10.1111/ j.1365-2486.2011.02451.x 32. BIEN project team (2009) Cyberinfrastructure for an integrated botanical information network to investigate the ecological impacts of global climate change on plant biodiversity. Available: http://www.iplantcollaborative.org/ sites/default/files/BIEN_White_Paper.pdf. 26 May 2013. 33. Wieczorek J, Bloom D, Guralnick R, Blum S, Döring M, et al. (2012) Darwin Core: An evolving community-developed biodiversity data standard. PLoS ONE 7(1): e29715. doi:10.1371/journal.pone.0029715 34. Holetschek J, Dröge G, Güntsch A, Berendsohn WG (2012) The ABCD of primary biodiversity data access. Plant Biosystems An International Journal Dealing with all Aspects of Plant Biology 146: 771–779. doi:10.1080/ 11263504.2012.740085 35. Kennedy J, Gales R, Hyam R, Kukla R, Wieczorek J, et al. (2006) Developing a core ontology for taxonomic data. In: Belbin L, Rissoné A, Weitzman A, editors. Proceedings of Taxonomy Data Working Group (TDWG) 2006. Missouri Botanical Gardens, St. Louis, Missouri, USA. Available: http://www.tdwg.org/ proceedings/article/view/13. Accessed 26 May 2013. 36. Webb C, Baskauf S (2011) Darwin-SW: Darwin Core data for the Semantic Web. Proceedings of Taxonomy Data Working Group (TDWG) 2011. New Orleans, Louisiana, USA. Available: https://mbgserv18.mobot.org/ocs/index. php/tdwg/2011/paper/view/152. Accessed 26 May 2013. 37. Baskauf SJ (2010) Organization of occurrence-related biodiversity resources based on the process of their creation and the role of individual organisms as resource relationship. Biodiversity Informatics 7: 17–44. 38. Field D, Amaral-Zettler L, Cochrane G, Cole JR, Dawyndt P, et al. (2011) The Genomic Standards Consortium. PLoS Biol 9: e1001088. doi:10.1371/ journal.pbio.1001088 39. Yilmaz P, Kottmann R, Field D, Knight R, Cole JR, et al. (2011) Minimum information about a marker gene sequence (MIMARKS) and minimum information about any (x) sequence (MIxS) specifications. Nat Biotech 29: 415–420. doi:10.1038/nbt.1823 40. Kottmann R, Gray T, Murphy S, Kagan L, Kravitz S, Lombardo T, Field D, Glöckner FA (2008) A standard MIGS/MIMS compliant XML schema: toward the development of the Genomic Contextual Data Markup Language (GCDML). OMICS: A Journal of Integrative Biology 12: 115–121. doi:10.1089/omi.2008.0A10 41. Lapp H, Morris RA, Catapano T, Hobern D, Morrison N (2011) Organizing our knowledge of biodiversity. Bulletin of the American Society for Information Science and Technology 37: 38–42. doi:10.1002/bult.2011.1720370411 42. Catapano T, Hobern D, Lapp H, Morris RA, Morrison N, et al. (2011) Recommendations for the use of knowledge organization systems by GBIF version 1.0. Global Biodiversity Information Facility (GBIF), Copenhagen, Denmark. 43. Smith B, Ashburner M, Rosse C, Bard J, Bug W, et al. (2007) The OBO Foundry: coordinated evolution of ontologies to support biomedical data integration. Nat Biotech 25: 1251–1255. doi:10.1038/nbt1346 44. Wooley J, Field D, Glöckner FO (2009) Extending Standards for Genomics and Metagenomics Data: A Research Coordination Network for the Genomic Standards Consortium (RCN4GSC). Standards in Genomic Sciences 1: 159. doi:10.4056/sigs.26218 45. Robbins RJ, Amaral-Zettler L, Bik H, Blum S, Edwards J, et al. (2012) RCN4GSC Workshop Report: Managing data at the interface of biodiversity and (meta)genomics, March 2011. Standards in Genomic Sciences 7. doi:10.4056/sigs.3156511 46. Ó Tuama É, Deck J, Dröge G, Döring M, Field D, et al. (2012) Meeting report: hackathon-workshop on Darwin Core and MIxS standards alignment (February 2012). Standards in Genomic Sciences 7. doi:10.4056/sigs.3166513 47. Deck J, Barker K, Beaman R, Buttigieg PL, Dröge G, et al. (2013) Clarifying concepts and terms in biodiversity informatics, Standards in Genomic Sciences 8:2. doi:10.4056/sigs.3907833 Ontologies for Biodiversity Science PLOS ONE | www.plosone.org 12 March 2014 | Volume 9 | Issue 3 | e89606 48. Grenon P, Smith B (2004) SNAP and SPAN: Towards dynamic spatial ontology. Spat ia l Cognit ion and Computat ion 4: 69–103. doi :10.1207/ s15427633scc0401_5 49. Arp R, Smith B (2008) Function, role, and disposition in basic formal ontology. The 11th Annual Bio-Ontologies Meeting. Toronto, Canada. pp. 1–4. doi:10101/npre.2008.1941.1 50. The Gene Ontology Consortium (2012) The Gene Ontology: enhancements for 2011. Nucleic Acids Research 40: D559–D564. doi:10.1093/nar/gkr1028 51. The Gene Ontology Consortium (2001) Creating the Gene Ontology resource: design and implementation. Genome Research 11: 1425–1433. doi:10.1101/ gr.180801 52. Eilbeck K, Lewis SE (2004) Sequence Ontology annotation guide. Comparative and Functional Genomics 5: 642–647. doi:10.1002/cfg.446 53. Bada M, Eilbeck K (2012) Efforts toward a more consistent and interoperable Sequence Ontology. In: Cornet R, Stevens R, editors. Proceedings of the 3rd International Conference on Biomedical Ontology (ICBO 2012), KR-MED Series. Graz, Austria. Available: http://ceur-ws.org/Vol-897/session3-paper13. pdf. Accessed 26 May 2013. 54. Brinkman R, Courtot M, Derom D, Fostel J, He Y, et al. (2010) Modeling biomedical experimental processes with OBI. Journal of Biomedical Semantics 1: S7. doi:10.1186/2041-1480-1-S1-S7 55. Horridge M, Drummond N, Goodwin J, Rector A, Stevens R, et al. (2006) The Manchester OWL Syntax. In Proc of the 2006 OWL Experiences and Directions Workshop (OWL-ED2006). Available: http://ceur-ws.org/Vol-216/ submission_9.pdf. Accessed 26 May 2013. 56. Cowell LG, Smith B (2010) Infectious Disease Ontology. In: Sintchenko V, editor. Infectious Disease Informatics: Springer-Verlag New York. pp. 373–395. doi:10.1007/978-1-4419-1327-2_19 57. Gkoutos GV, Schofield PN, Hoehndorf R (2012) Chapter Four The Neurobehavior Ontology: an ontology for annotation and integration of behavior and behavioral phenotypes. In: Chesler EJ, Haendel MA, editors. International Review of Neurobiology: Elsevier. pp. 69–87. doi:10.1016/B9780-12-388408-4.00004-6 58. Hebert P, Cywinska A, Ball S, deWaard J (2003) Biological identifications through DNA barcodes. Proceedings of the Royal Society B: Biological Sciences 270: 313–321. doi:10.1098/rspb.2002.2218 59. Check E (2006) Treasure island: pinning down a model ecosystem. Nature 439: 378–379 doi:10.1038/439378a 60. Bizer C, Heath T, Berners-Lee T (2009) Linked data The story so far. International Journal on Semantic Web and Information Systems (IJSWIS) 5: 1– 22. doi:10.4018/jswis.2009081901 61. MicroB3 (2012) Deliverable 4.2: Best practices and e-conference report. Available: http://www.microb3.eu/sites/default/files/deliverables/MB3_D4_ 2_PU.pdf Accessed 31 July 2013 62. Stoltzfus A, O'Meara B, Whitacre J, Mounce R, Gillesie E, et al. (2012) Sharing and re-use of phylogenetic trees (and associated data) to facilitate synthesis. BMC Research Notes. 5: 574. doi:10.1186/1756-0500-5-574 63. Lobo JM, Jiménez-Valverde A, Hortal J (2010) The uncertain nature of absences and their importance in species distribution modelling. Ecography 3: 103–114. doi:10.1111/j.1600-0587.2009.06039.x 64. Ceusters W, Elkin P, Smith B (2007) Negative findings in electronic health records and biomedical ontologies: A realist approach. International Journal of Medical Informatics 76: s326–s333. doi: 10.1016/j.ijmedinf.2007.02.003 65. Haendel MA, Neuhaus F, Osumi-Sutherland D, Mabee PM, Mejino Jr JLV, et al. (2008) CARO The Common Anatomy Reference Ontology. In: Burger A, Davidson D, Baldock R, editors. Anatomy Ontologies for Bioinformatics: Springer London. pp. 327–349. doi:10.1007/978-1-84628-885-2_16 66. Madin JS, Bowers S, Schildhauer MP, Jones MB (2007) Advancing ecological research with ontologies. Trends in Ecology & Evolution 23: 159–168. doi:10.1016/j.tree.2007.11.007 Ontologies for Biodiversity Science PLOS ONE | www.plosone.org 13 March 2014 | Volume 9 | Issue 3 | e